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The analysis of local TSP characteristics based on lidar technology
CHEN Kebei, HE Mengdi, ZHANG Qi, FENG Jun, DONG Hao, NI Xiaochang, LU Yu
(School of Electronic Engineering, Tianjin University of Technology and Education, Tianjin 300222, China)

[ Abstract] Based on the secondary level data of the lidar CALIPSO satellite system carried by the NASA cloud—aerosol lidar and
infrared detector satellites, the North China region was selected (latitude range; 38°N~40°N, longitude range; 115°E~117°E) by
three different characteristic weathers, the vertical distribution profile of the selected total suspended particulate matter ( tsp) is
displayed by the different height chromaticity of the backscattering coefficient, which is combined with the geographical position of
the latitude and longitude, and the two-dimensional chromaticity diagrams is used to analyze the different weather characteristics.
The results show that there are obvious differences in the two—dimensional chromaticity diagrams drawn under the three air quality .
good weather light haze  heavy haze. And the local average of the 2D chromaticity is given and compared with the atmosphere
provided by the weather bureau. The contrast curve of suspended particulate matter concentration indicates that the vertical
distribution of TSP concentration in different weathers is different obviously, which is of great significance for the intuitive analysis
of weather conditions.
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