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Research on 3D dynamic gesture recognition based on Leap Motion
YAN Yuling, CHEN Minye, LU Yahui
(School of Air Transportion, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] Gesture recognition is an essential means of human—computer interaction. The improvement of recognition rate is an
important research direction today. By analyzing the development of today “s 3D gesture recognition technology, Leap Motion
equipment is used for data acquisition and processing of 3D dynamic gestures. Using SVM and PNN pattern recognition algorithms,

two kinds of gesture differentiation and multi—class gesture differentiation simulation experiments are carried out. The results show
that the optimized PNN can achieve higher recognition rate than dynamic SVM, and the computational efficiency is higher after PCA

processing.
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Fig. 1 Dynamic gesture recognition test
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Fig. 2 Gesture recognition flowchart
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