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Research on teaching quality evaluation of

modern apprenticeship course based on SDAE deep learning framework

ZUO Guocai', ZHANG Jue', SU Xiuzhi', WANG Haidong®, HAN Dongchu'
(1 Hunan Vocational Institute of Software, Xiangtan Hunan 411100, China; 2 Hunan University, Changsha 410082, China)

[ Abstract] In order to objectively evaluate the teaching quality of modern apprenticeship—based courses, this paper proposes a
deep learning framework based on SDAE, which is applied to the analysis of teaching quality of modern apprenticeship courses. The
evaluation of course teaching quality provides the basis for objective evaluation. Experiments show that the stack denoising self -
encoder depth learning framework is used to extract face depth features, detect face and human posture, complete face and posture
recognition, analyze and judge the state of teachers and students” concentration in class, provide objective and quantitative analysis
and evaluation results for the teaching implementation process, and provide a basis for modern apprenticeship course teaching
evaluation. It is helpful for teachers to urge students to listen carefully, adjust the curriculum design and implementation of classroom
teaching programs, and effectively improve the quality of teaching.
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Fig. 1 Network model of stack Fig. 2 Depth network model

denoising self—encoder
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Fig. 3 Classroom behavior judgment process
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Fig. 4 Testing results of teachers” and students” attentive behavior
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Fig. 5 Test results of students” attentive behavior
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