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[ Abstract] The construction of microblog influence prediction model in environmental emergencies will help relevant departments
find problems as soon as possible and take actions to ensure the stable development of online public opinion. Therefore, this paper
takes " xx Emergent Environmental Incident" as the research object, measures its influence according to the numbers of microblog
forwarding, praise and comments, selects the microblog user, content and time characteristics, establishes the microblog influence
prediction model based on AdaBoost algorithm, and analyzes the importance of microblog characteristics. The results show that the
prediction accuracy of the model can reach 93.2%, and better complete the prediction task. In addition, the content, time
characteristics, basic user information and user activity of microblog all play a role in the influence of microblog. The influence of
microblog with long text and notice is higher. The influence of microblog released during the day is higher than that released at night.
The influence of microblog released by government media users and big V users is higher, and the influence of microblog released
by users with high originality is higher.
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Fig. 1 Microblog eigenvalue importance table
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Fig. 2 Changes in the influence of various remarks of ordinary

users in the evolution path of public opinion
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