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Study on the positioning of the signs of the contact columns in the orbital interval

JIANG Lijie, CHAI Xiaodong, LI Liming
(School of Urban Rail Transportation, Shanghai University of Engineering Science, Shanghai, 201620, China)

[ Abstract] For the contact grid pillar sign with complex background light, the extraction of the signboard area under the traditional
method has the problems of slow target segmentation and unclear boundary segmentation. This paper proposes an image segmentation
algorithm SLIC ( Simple Linear Iterative Clustering) and fusion improved FT ( Frequency—tuned) significance detection which could
perform positioning and segmentation of number zone of the signboard. Firstly, image enhancement methods based on fuzzy sets are
used to eliminate edge "blur" and improve unclear image edges.Then the SLIC algorithm is used to preprocess the original image,
reduce the image to the column area, extract the signboard area by feature selection. Finally, the digital area of the signboard by the
improved FT algorithm is obtained. The test results show that the proposed algorithm has a good extraction effect on the number of
the column sign.
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Fig. 1 Original image
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Fig. 2 Flow chart of contact net pillar sign positioning
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Fig. 3 Image enhancement based on fuzzy sets
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Fig. 5 Superpixel segmentation result
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Fig. 6 Column sign positioning result map
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