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Research on identification methods of long non-coding RNA
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[ Abstract] With the advent of high—throughput sequencing technologies, a large amount of available transcriptome data has been
generated, and the evaluation of the coding potential of evolutionarily conserved regions has become a core in the analysis of
transcripts. Prediction of the coding potential of transcripts can be used to identify long noncoding RNAs (IncRNAs). IncRNA is a
kind of noncoding RNA with length more than 200 nucleotides, which plays an important role in many organisms. It can play an
important regulatory role in various aspects such as chromatin modification, epigenetics, transcription and post — transcriptional
regulation. Many machine learning tools have been developed to distinguish between coding and non-coding transcripts. Different
tools are designed for different situations, so it is required to choose the suitable method for the specific situation. In this review,
several popular tools and their advantages, disadvantages, and application scopes are summarised to assist people in employing a
suitable method and obtaining a more reliable result.
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Tab. 1 Overview of the methods concerning IncRNA identification
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BEL cpat/index.php
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software/ cnci
PLEK 2014 SVM PN ; Fk FASTA http : //sourceforge.net/
projects/ plek/files/
CPC2 2017 SVM AN FAS;GTF;BED http://cpe.cbi.pku.edu.cn
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Tab. 2 Summary of the features of each method selected
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Tab. 3 Overview of each tool’s performance on different testing datasets
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Tab. 4  Priority of employing different methods on different
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