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Research on short text classification based on multi-TWE model
WANG Yunyun, ZHANG Yunhua
(School of Informatics Science and Technology, Zhejiang Sci—Tech University, Hangzhou 310018, China)

[ Abstract] Aiming at the current problem that word vectors cannot solve the problem of polysemy in short texts, a Multi—-TWE
multi—dimensional topic word vector model combining word vectors and BTM topic models is proposed. The BTM model is trained
to connect the target word with the corresponding topic in different ways to form a multi—dimensional topic word vector to represent
the meaning of the polysemous word. Finally, the Multi— TWE model is applied to short text classification, and a short text
classification method based on the Multi-TWE model is proposed. Compared with the SVM, BTM, and Word2Vec classification
methods, the experimental results show that the short text classification method proposed in this paper improves the average F, value

by 3.54%, 11.41%, and 2.86% compared with the previous three methods, respectively.
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Fig. 4 MuTWE-1 model algorithm flowchart
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Fig. 6 Construction flowchart of short text classification method
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Tab. 2 Meanings of parameters for classification evaluation criteria
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Fig. 7 Parameter estimation of the number of topics
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Fig. 8 Vector dimension parameter estimation

FH

50 1 1 1 1 1 1 1 1 1 1 -
7 8 9 10 11 12 13

R R P NAN
B9 mEHOXNMSHMGIT

Fig. 9 Vector window size parameter estimation

PR B3GR T P BRSO 288, B
DLBE S50 0 fe A 1) i 7 1 R/INE R 10,
3.4 ALK

R T IR AR SCHE A LT Multi - TWE 87545
TP J SCAR 43 207 1 WA R, 43 90l 36 L VSML A5
Al BTM F U FI TF-IDF AL word2vec #55#{E
FXFLEEES . BT 48 2807 ik ] libsvm 1 432
o SEHG SR H AT A8 SUSRTIE ofe PEA A B AL 43 2K
B MRS R I 3,

F3 LEEWRIKER

Tab. 3 Comparative experimental test results
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Vil 87.03 76.33 81.33 59.74 87.93 71.14 80.85 78.49 79.65 80.36 85.75 82.97
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HE 85.32 74.57 79.58 70.87 81.28 75.72 79.24 7477 76.94 83.51 80.58 82.02
avg 83.27 81.18 82.07 77.17 73.52 74.20 84.35 81.22 82.75 87.44 84.00 85.61
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