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Three-dimensional segmentation of coronary CTA based on deep learning

LIU Min, FANG Zhijun, GAO Yongbin
(School of Electronic and Electrical Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] Manual segmentation of medical images of large —scale cardiovascular disease is extremely time —consuming and
cumbersome for doctors. Therefore, computed tomography angiography ( CTA) is an important basis for studying cardiovascular
diseases. In this paper, a segmentation method based on deep learning is proposed. Coronary CTA images combined with
corresponding tags as training data of V—net network realize accurate segmentation of blood vessels. In the two evaluation indicators,
the method proposed in this paper has repectively achieved 0.763 on the Jaccard coefficient and 0.834 on Dice coefficient, which can

accurately segment the coronary CTA and provide a auxiliary diagnosis for the doctor.
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Fig. 1 Full convolutional network structure
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Fig. 2 Aorta vascular segmentation visualization result
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Fig. 3 Aorta and coronary arteries vascular segmentation

visualization result
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Fig. 4 Tiny coronary arteries vascular segmentation visualization result
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