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Classification of terrorist suspects based on K-prototype clustering algorithm
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[ Abstract] Currently, the diversity and complexity of terrorist crimes have greatly increased the difficulty of solving relevant cases.
How to quickly and easily discover hidden terrorists is the most concerned issue of security agencies. Based on the K-prototype
clustering algorithm, this paper uses SPSS software to standardize the data according to the data characteristics of terrorist events,
and obtains the feature vector of the suspected terrorist sample. The clustering analysis is performed by Python. Five categories of
cluster center distribution map are given out. The experimental results verify the feasibility and effectiveness of the method, and

provide an analysis method for the security agencies to divide the terrorists” suspect degree.
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Fig. 1 The eigenvectors of terrorist suspects for typical events
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Tab. 2 Classification of suspects” suspicion on typical events
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