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[ Abstract] Patients with Primary Liver Cancer are susceptible to reactivation of Hepatitis B Virus (HBV) after receiving precise
radiotherapy. The purpose of this study is to establish a classification prediction model based on existing patient clinical data to make
predictive protection in time, thus reducing the possibility of HBV reactivation to a certain extent. The experimental results show that
the method of feature extraction by sparse autoencoder can effectively reduce the data dimension and improve the prediction accuracy.
The Softmax classifier has the best classification performance for the sparse autoencoder with one—hidden layer. Under the 50% cross
—validation, the average accuracy is 72.22%. The SVM classifier has the best classification performance for the sparse autoencoder

with two—hidden layers. Under the 10-fold cross—validation, the average accuracy is 78.52%.
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Tab. 1 Feature numbers and the corresponding medical name
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Fig. 1 Two-layer automatic encoder structure diagram
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Fig. 2 Ordering of principal component contribution rates
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