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[ Abstract] With the breakthrough of algorithm technology such as deep learning, the application of artificial intelligence in the
field of meteorology is also increasingly widespread. The application scenarios of artificial intelligence technology, such as
observation environment monitoring, data quality verification and equipment fault monitoring, are analyzed in this paper. Also,
based on Baidu EasyDL platform, models such as whether the rain gauge is covered, whether there are foreign matters in the rain
gauge are constructed and the models of fault monitoring of aerosol observation equipment are created. The results show that Al
technology could change the existing equipment support mode and effectively improve the ensuring efficiency and effect.
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Fig. 1 Pictures of rain gauge with or without the cover
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Fig. 2 Pictures of rain gauge with or without foreign matters
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Fig. 3 Curve of aerosol observation data under normal situation and typical faults
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Fig. 4 Curve of automatic soil moisture observation data under normal situation and typical faults
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Fig. 5 Flow chart of AI model establishment
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