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Airborne down-view image target
location method with non-rigid point set matching
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[ Abstract] Airborne down - view target localization has a wide range of applications in the fields of aerial photography and
navigation, which is defined as determining the position of a target in a reference image of a given target image. The problem of
large scale deformation between the target image and the reference image in airborne down-view target localization is a difficult
problem to be overcome, and a non-rigid point set matching target localization method is proposed in this paper to address this
problem. Firstly, SIFT ( Scale—-Invariant Feature Transform) algorithm is used to extract the key points of the two images, and
randomized K-D tree nearest neighbor algorithm is used to obtain the consistent key points set. Then, the consistent key point set is
divided into multiple subsets using the K-means classification method, and the spatial transformation model is determined using the
random sampling differential homozygous point set matching method on multiple subsets to solve the large scale deformation
problem. Finally, the optimal target location is determined by the SSD ( Sum of Squared Difference ). The experimental results show
that the proposed method can effectively accomplish the target localization task.
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Fig. 1 The framework of target localization method in this paper
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