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Design of human posture migration network
based on clothing features classification
LI Hebin, DING lJifeng

(School of Information and Communication Engineering, Dalian Minzu University, Dalian Liaoning 116605, China)

[ Abstract] The human pose transfer task is to change the human body in the input picture into the target posture, while ensuring
that the appearance features such as clothes remain unchanged. In this paper, a new generative adversarial network is proposed to
generate pictures of human posture after migration. The network generator uses attention mechanism and Style transfer block to
update the appearance information and posture information alternately. In addition, compared with the previous research, this paper
also adds the tile pictures of people’s clothes as the network input to supplement the appearance information that may be lost during
the migration of human posture. The network can more realistically and naturally restore the clothing style worn by people. Through
a large number of experiments, it is proved that the network proposed in this paper shows a higher score in the quantitative score,
and the visual perception of the picture is more realistic and natural.

[ Key words] pose transfer; attention mechanism; Generative Adversarial Network

W AR TAELEST ARG T, [l — D AR

0 3 & SRR SN SU BA RO, B0 3 £

NB BT RN 55 AR AETH AL b S5 |
BT ZMR S E, BRI RV E Ma %
NP AR B R i N B AR
h HAR S W B R A MRS . B 1
FEANZS Yime v, QAR A i ) AT A L D A
%, &5 R IEZE AR C PSR R 2, W1 Zha
NI T — R B s N TR AT
FEAT 55, FITAE Jc I 4% R 805 45 Ay o ff b 2 B 123 3
PN/ 1LV

HAl, BARIET GAN W45 i 25 i R A [k 452
T, - EBREAS A o 1 L B A\ AR H4 | {H 5k LA
RIFEAE 23 I A A SR A5 AN 08 LS 1 O,
HOEFE NIA Y38 I L, AR Z AR H gk it R
TR T TC T8 I AR P R Ay s 3, 98 H

BRI R 0 i LA A EE — 5K AT R AR ME 58 4
SNV AT, XAE R ERSHME
D 2% 14 2% 2] 3o A B — s PRIXE ol 75 BB 2 ot 2 1)
26— B LA SR K1 2F 2T BE I AR MEACE R A P A 7y
GBI RN

25 RIS BUIR I AR SCHE T — ol A AR
OIS, %4 515 58 2% (1) A [F] Z AR TE T,
g Mgl ] 2 sk I8 R BRI IR 5 FR S 18
YA A BT a2 I 45 2 A 0 AK 0 1)~ il )
VR 2% B 5 = P A, DAL #b TR ST A 0t
FEATRE R R IR D . MRS NI R
AR NS T FR R A g, AR
ARG 1 R, B a3 F B
SR, A Sz 4R B R B RGBT H F /Y

EBEN: 2 (1998-) |58, BULB5e A, EEBFO M N TR THAHEIE; Tag(1978-) 55, BIRUER  Bl L AR ST, T 20507 1«

RS BALHL JTEHLALSE
WIESE ., Tallk
s BEA: 2022-08-06

Email ; 535377131@ qq.com

Ve B E RN o744 4l L 5 & A




12

BRI, 4 BE AP A AR ST R T 203

AR BT ST, 53 3 — DM P A W A il 5 A6
B A A 0746 A 17 8 A By 32— S BUAR
SSOUNEE= §HE S A EI SR Rl ik T ol NP3 2 R
AME RS X HE B fn X 3L — 1AL
B BR8] T AR AN R
TS50 T U SR B T AN IR R b i e 2
NP EF A -l 18] e, B4 0 28 v 5 DI A It
BORMATTRAGEE | R I 52 56 FH Kt 4 S AR SCHET

Frad R AATREETEM, ASCH AR Z )5
S gs IE ] T R 28 B A e . AR SR Tk Al S 2
NHTE 2 A5

(1) $ T — Mo i R T LD SE 28 25T AT
% i AR TR B SMRAR B R 2R

(2) 42 T —FhH A GAN %%, REfEAE AR
SRS 55 b 0 LS M ad BN BT 28 AW, A 5
B e T R 2 A R

RIS
it T 7

TERIE6RS
Rt A

TERI56Rs
et A

Deconv

HERE R L

KT
(RN PR
PN

1 RN

Fig. 1 The structure of the generator
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Fig. 2 Attention transfer block structure

TEARG R SMUE B 22 L5 B 5
A RER B RS (R . AR AT AL 55
B L S N8 DX R AR B O T B LA i
A 235 B RO T 7 DXCIOnT LS b 5 A
SMIUE B RV

HAARUE, AR ERBAEE P, HESE 2 K
GRRERAE, 225 AT sigmoid FRAETR B 1 2 1 AR
Mo M, FRENEAER 0 ~ 1 Z %y, Uk
HEX O E DRPEENEERE, K5 A
M, _, iEAMIUE B AR R e P REAS SC TE H H 2A £
Bo HEEA AKX IR .

M, , =o(conv(P,_,)) (1)
RENE RIS Wt 2 WEBIRER I Fh
FUEE 1, SEBIIMEE M, 7o R AR, X —
HAMUE R L S AN YME B MS BI PR , 5 1 [H]
IO 2 IR LE A B AW E B X, ot R
HF AR SR 1, FATER 22 B WU B 1S
JRRIAMIMER 1, BR2EIEHE N T B ik St fE b
M2 IR LI . A HE S B R AR .
I =conv(I_)) - M,_, +1_, (2)
DARE i 45 B AR 738 T B e A bk
A2 TR 2, TEE B T BIAH,



12

BRI, 4 BE AP A AR ST R T 205

o BT L ) A TR R A LE B
1, R SEERAE T U F S i e A
s A SRS AU B 1, PR S i 2385 B
P, BRTUHA PR PSRN 2 AAE B AT R B o
= o | N L A G 1l /NS W 1 DU
P, =conv(P,_)) | 1, (3)

2.2 RYFHEREGER

K YFRAE Al AR 17 T ARG BT
B, BN BIETHE S 2% HARGE Ry an &l 3
o B3 L NI ASMIE R P AR
G SIWRISCE 1, K YIRE alA B e X 2%
R AT AMIE B PRI B &0 5 AR
VEFE BB . [ B AR SB35 B PRI P,
TR BEHE R 5 A T B PR B RS B A B

- FHIE I

PR P,

Py Bl FHIESE I

B3 RYFIERSEREN

Fig. 3 Clothing feature integration block structure
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Fig. 4 The structure of the discriminator
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