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Movie effect feedback based on expression recognition technology

YU Chuyun, LI Chuang
(College of Computer Science, Jilin Normal University, Siping Jilin 136000, China)

[ Abstract] Expression recognition is an important branch of face recognition, and has the characteristics of objectivity and agility.
The scoring of films in the market is mainly carried out by people’s subjective intension, which is lack of objectivity, meanwhile the
feedback of film effects is lack of data support. Film effect feedback based on expression recognition technology can provide
objective data for film effect feedback, ensure its reliability, and realize the transformation from emotion to data. The feature
extractor of Dlib is used to capture the face, and the feature predictor of DIib is used to extract 68 feature points of the face for
geometric calculation'' | so as to achieve the effect of expression recognition. Through the experiment, five expressions such as
natural expression, happiness, surprise, anger and fear are detected when the experimenter watches the film. The system can
quickly, objectively and accurately analyze the expression of film viewers and make statistics of feedback data.
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Fig. 1 Residual learning structure of ResNet!?’
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Fig. 2 Two structures of ResNet!?]
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Fig. 4 Training process for DIib68 feature points
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Fig. 5 System identification framework
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Fig. 6 Expression discrimination flowchart
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