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Mobile robot path planning algorithm integrating
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[ Abstract] Aiming at the problem that the path planned by mobile robot using A" algorithm is not smooth and can not avoid
obstacles in real time, a hierarchical path planning method is proposed, which integrates the improved A" algorithm with the time
elastic band (TEB) algorithm. Firstly, in the A" algorithm, the idea of gradient descent is introduced to reduce the turning points in
the path and make the path smoother; secondly, in the TEB algorithm, the constraints of path points and TEB trajectory pose points
are added to make the planned path follow the global path in a better way; finally, the improved A" algorithm is combined with
TEB algorithm to make TEB algorithm carry out dynamic path planning along the global optimal path, so as to avoid unknown
obstacles in real time. The simulation results show that the improved A" algorithm can reduce the turning point by 93.69% and the
path length by 0.9%. The improved TEB algorithm can reduce the degree of deviation from the global path, and the fusion of the
two can effectively avoid unknown obstacles.
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Fig. 5 Flow chart of fusion algorithm
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