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[ Abstract] In order to realize the high—precision imitation of human hand action by bionic manipulator, a bionic manipulator
control system based on EMG control technology is designed and developed, which takes Raspberry PI as the main control board and

EMG sensor and Arduino UNO as the signal acquisition core. The system can collect the EMG signal of the current action, process

and analyze it, automatically match the current action and send corresponding instructions to the bionic manipulator, so as to realize

the real-time imitation of human hand action. After testing, the system could work reliably under the premise of server stability,

which has certain innovative significance and practicality.
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Fig. 1  Structural framework of myoelectric control system of

bionic manipulator
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Fig. 2 Schematic diagram of human arm muscles
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Fig. 3 Convolution neural network model
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Fig. 4 Loss value of training set and test set
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Fig. 5 Connecting rod structure of the manipulator
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Fig. 8 Circuit diagram of steering gear control board
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