£k F£11 g2 g it E M 5§ K A
Vol.9 No.1

20194518

Intelligent Computer and Applications Jan. 2019

XEHS: 2095-2163(2019)01-0135-05 MR ERS: A

E T ARIMA fik/REIEIEBITEZ Web AR 55 QoS Fiuilll 77 7%

XFIE, ¥R, §F&E
(RREIIRE HENBMZERARER, KR

K 150001)

M OE. M Web RSB 2, AT # & 3K, Web il 55 (%) I 55 5T 2 ( Quality—of —Service , QoS ) 32 W 48 A 5% | Ik 55 i 171 2%
Sl 2 R R WAL, TR UE IR SS {8 R A QoS WA A2 Web MR S5 fdT FH 2 90 oK, G o] B 4-ath 5 B ik 551t
A Ve — BE it [a] N & HL R 55 B s 2SR 11 Web IR 55, [R5 By il 55 $ 13 aht G R 55 o e 1 0, 2 R S5 31 el s
RIS RS, T ARIMA ( Autoregressive Integrated Moving Average Model ) 5 5 28 fiif B0 RE A I3 7T QoS 8L, E
Z7E Web IR 551 QoS TN ATISARAS T ) 12 RN FH . H2 sai (i Hl ARIMA #EAURRE RS IE N Web IR 55 QoS £k iy ik sh 4t
B AR R AT AR . T IR E SR R ) T AR AR SR T — b e s R B 43 BT A Web AR S5 QoS TN ik, %
TTEEEE T ARIMA B 5 IR S g, XRS5 B0tk (9105 2 B 45t SR B, A8 B — 1) T DA 70 i % A B M0 1) T 282

K Web IR5; IR5 e (QoS) 5 Hilll; ARIMA; K/REUEH

FE 425 TP393.09

The Web services QoS prediction method based on ARIMA and Kalman filtering
LIU Zeyuan, YANG Xiaozong, SHU Yanjun
(School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] With the wide use of Web services, it is generally found that the QoS ( quality of service) of Web services is
constantly changing due to various factors such as the network environment and servers” load.Business users commonly claim that
QoS should be guaranteed. How to help service users select Web services that meet the quality of service requirements for a period of
time in the future, and also help service providers to avoid service quality violations are the hot issue in the field of service
computing in recent years. This paper proposes a Web service QoS prediction method based on time series analysis. This method
combines ARIMA model and Kalman Filtering. Meanwhile it is sensitive to the fluctuation of service quality, and can have more
accurate prediction effect than a single prediction model.
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Fig. 1 Overview of the proposed prediction method
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