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Key technology of cloud transformation of the integrated platform
based on CMADaaS - Hunan
ZHU Liang, XIA Zhenglong, ZHONG Yanwen, LV Guanru, OUYANG lJiyue

(Hunan Meteorological Information Center, Changsha 410118, China)

[ Abstract] Hunan meteorological disaster warning service integration platform is an indispensable tool for meteorological disaster
early warning service at the grass—roots level. This paper introduces the integrated platform based on CMADaaS - Hunan, which
uses PostgreSQL database for spatial geographic data management, Redis database for user login cache information management,
Virtual Valley database for business related data management, NAS storage for image and document storage management, Docker
container technology is applied and deployed to realize cloud transformation and put into business operation, so as to provide

reference for other business systems to integrate into the CMADaaS - Hunan.
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Fig. 1 The cloud transformation architecture of Hunan Province Meteorological Disaster warning service integration platform
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Fig. 3 Forecast support products

4 HBEhuhkEk

Fig. 4 Automatic station precipitation

4 ZERIE

L5453 KB IHIE B ERBE ), — R &
TEFE M IREAF Bt 42 0 A AR 55 1 Bk il
LT mAGE , R A R K BB IR 55— e
THROCMARGIE =6, T 5 R ER P
7 AR BB R AT T A st TR G B R
KBS JETHER TG 55 N5 AR 42Tt

T REZ I BE ST, R ALY 55 28 8 A
AR RRAEHT AR =+ 15 55
TRZREEBRBAE

&% 3k

[1] et ORI, B0, 55, M B2 R 9 T e 55 he
HRIRIT[T]. BHE 515 ,2020(2) :87-88.

(2] W5 2500, K8, % S BERE T ILAE R KREES T4
RIS SE[T]. 5 BEAR 5B k,2021(5) :147-150.

[3] BAvke, ¥R, ks, BFHEBRLKEE =T A M85 IR
O[], HiERHE,2021,28(1) :82-86

[4] BT, REML, ER. RBNBERETE 552 KRBT TEM
SRR T]. AR 2020 (5) :38-41,90.

[5] XI#&. MySQL F1 PostgreSQL AN HLie 4 [ T]. JLFH T R2 2% g2
W ARPBIERR) , 2011, 2(14) :171-173,177.

[6] ZEAEAE, BRORAG 1. 2T PostgreSQL ity b 3 23 [A] B 415 77 fifs 45 3
JTEEE[T]. BIBIMTE RS2 ( ASRRIA) , 2016, 1(5) :
21-23,27.

[7] JABEY. 5T Redis B0 2 Key-Value RGMITEILIFSE[D].
T7N AR E TR 24.2018.

[8] ABPRY, ¥ SR, 5K ST 45 5L F Docker A9 N 545 #F &5 1F
[T, BT TR, 2017,25(12) :41-44 ,48.

[9] ARME, 308, 1 55 %5 Docker 252 RTEH /L = R4 H 1
M. FBHEARSEEM,2021(4) :31-33.

(455 203 11)
S 3k

(1] EbREE, R0, B T BelE o IR B Sk 4R R it 5 %2
BULT]. BB T el ( HAARLARR) ,2021,31(2) :69-73.

[2] ZF BRHOCHT , AEH 45, 30 i MEABLRE SCHRFBE AR AL T K 48
R BRI BB [ T] . THEEALAE4,2010,33(8) 1 14371445,

[3] ZHANG Xiaochuan,ZHOU Zehong, XIANG Nan, et al. Improved
Collaborative Filtering Algorithm Based on Association Rules[J].
Journal of Chongqing University of Technology( Natural Science)
,2019,33( 3) . 161 —168.

[4] ZREUME, RE3CT , BRNI. BTkt LSH i ph Rl e s (1],
HEHLRY:,2015,42(10) :256-261.

(5] AR, E RN, TR NS, 22 250 3 o o) R 1 B ) 3o DR
FEEL[T]. BEURAE A TR AE,2020,33(2) : 166-175.

[6] YUE Xi, TANG Dan, SHU Hong-ping. Research on Improvement of
Collaborative Filtering Recom —mendation Algorithm Based on Data
Sparseness| J ]. Advanced Engineering Science —s,2020,52(1);198—
202.

(7] ARG, A0 VPl - 152 M, 58, 26 TRt Aprior 591 ) i 1%
RTINS [T]. TSI HLRGERI, 2021,30(7) 290~
295.



