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Research on dynamic graph coloring problem
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[ Abstract] Graph coloring refers to the problem of assigning a color to each vertex of a connected undirected graph, and using the
minimum number of colors for vertex coloring under the premise that no two adjacent vertices have the same color. Aiming at the
problems that the existing static coloring methods cannot handle dynamic graphs and the efficiency of the existing dynamic graph
coloring methods is poor, we first propose a high—efficiency coloring method for batch processing and updating, and secondly, we
propose an index less method to ensure the coloring effect to reduce memory consumption. Finally, experiments are conducted based
on four real data sets. The experimental results verify the effectiveness of the algorithm in the aspects of coloring quality, coloring
efficiency, and memory consumption.
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